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Abstract: The success of online education
depends to a large extent on the figure of the
tutor. Their role goes beyond transmitting
knowledge and directly influences student
motivation and satisfaction. This paper ex-
plored how Public Accounting students per-
ceived their online tutors in a Mexican public
university. Through a descriptive analysis,
strengths and weaknesses in the performance
of academic, pedagogical, guidance, techni-
cal and social functions were identified. The
results of the study support decision making
to design continuous training programs that
optimize the performance of tutors and gua-
rantee a quality learning experience.
Keywords: online tutor, online education,
descriptive analysis.

INTRODUCTION

The tutor in online education is the teacher
who integrates a solid intellectual background
in the academic, pedagogical, guiding and te-
chnological fields in addition to the personal
one (Cabero, 2006 cit. In Franco 2017). They
have an important role as protagonist of the
teaching-learning process since they do not
only limit themselves to transmit content, but
guide students as they access and assimilate
the content at their own pace (Cabero, 2006
cit. In Fernandez et al. 2013; Rahmani et al.,
2024; Vlachopoulos and Makri 2021; Xavier
and Meneses, 2020). Their ability to commu-
nicate effectively, motivate, guide and provide
personalized feedback will directly influence
student engagement and satisfaction (Vlacho-
poulos and Makri 2021).

According to Cabero (2007), Llorente
(2007), Vlachopoulos and Makri (2021) on-
line tutors should perform five main func-
tions: (1) academic function referring to the
mastery of content, design, organization of
activities and evaluation of learning; (2) te-
chnical function referring to the mastery of
technological tools, technical support to stu-
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dents and the integration of digital resources;
(3) guiding function referring to the planning
and organization of learning, development of
autonomous learning skills, motivation and
emotional support; and (4) social function
referring to the creation of a virtual learning
community, facilitation of communication,
and emotional support. (3) Guidance func-
tion referring to the planning and organiza-
tion of learning, development of autonomous
learning skills, motivation and emotional su-
pport. (4) Social function referring to the cre-
ation of a virtual learning community, facili-
tation of communication and management of
diversity and interculturality. (5) Organizatio-
nal function referring to the management of
the virtual classroom, monitoring of student
progress, communication with the institution.

The performance of the online tutor in
the previously mentioned functions is closely
linked in the perception of quality in online
education, since a well-prepared, committed
and responsive tutor contributes to a positi-
ve perception of the quality of the programs
(Cabero, 2006 cit. In Fernandez et al., 2013;
Vlachopoulos and Makri 2021)

Despite the growing importance of the
online tutor, there are still challenges in
their training and professional development.
Analyzing their performance in these func-
tions is crucial to ensure the quality of online
education given their leading role in the lear-
ning process (Rahmani et al., 2024; Vlacho-
poulos and Makri 2021; Xavier and Meneses,
2020). A from this analysis facilitates the iden-
tification of strengths and areas for develop-
ment, information that is valuable for desig-
ning training and professional development
programs that respond to the specific needs
of the tutor, improving their performance and
thus the quality of online education (Vlacho-
poulos and Makri 2021).

On the other hand, data is the process of
examining data with the objective of finding

DOI: https://doi.org/10.22533/at.ed.5585425050215 n




conclusions about the information it may con-
tain (Balali et al. 2020). It enables organizations
to understand their past performance, predict
future outcomes, optimize decision making,
identify opportunities and threats, and facilita-
te data-driven decision making (Sharma et al.,
2022). In particular, descriptive data analysis
relies on historical data to gain a better unders-
tanding of how things have led to the current
situation and on the idea that observing the
past can provide valuable information about
the present and help the future (Sharma et al.,
2022), hence among the advantages offered by
descriptive data analysis are providing histo-
rical context, measuring organizational goals,
identifying trends and then visualizing patter-
ns to classify strengths and weaknesses of an
organization (Sharma et al., 2022).

In this sense, this paper proposes a descrip-
tive data analysis to explore the performance
of online tutors, with the aim of identifying
areas for improvement and training needs to
design continuing education programs that
meet the specific needs of each institution and
ensure quality online education. The analysis
is situated in the evaluation of online tutors
conducted in the spring 2019 term by students
of the public accounting faculty of a public
university in Mexico. Although the conclu-
sions may not be generalizable to the current
situation, given that the context of online
education may have undergone significant
changes, this work, by adopting a descriptive
approach and exploring the performance of
online tutors in 2019, is intended to be a basis
that can serve as a starting point for future re-
search with more recent data, by allowing the
identification of areas of interest, such as the
evolution of online tutoring strategies, the im-
pact of technology on tutor performance, or
the relationship between tutor evaluation and
student performance.

The following sections present the prelimi-
naries of the work, methodology, results and
conclusions of the work.
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PRELIMINARIES

The theoretical concepts underlying the
work are presented below.

ONLINE EDUCATION

Online education can be understood as an
evolution of distance education, taking ad-
vantage of information and communication
technologies to create virtual learning envi-
ronments. According to Garcia and Seoane
(2015) online education is a formative process
of an intentional or unintentional nature, ai-
med at the acquisition of competencies and
skills in a social context, which takes place in
a technological ecosystem in which different
user profiles interact and share contents, ac-
tivities and experiences and which, in formal
learning situations, must be tutored by tea-
chers whose activity contributes to guarantee
the quality of all the factors involved.

Velazco et al. (2017), emphasize that onli-
ne education eliminates space and time bar-
riers, offers flexible training through various
methods and resources, student-centered
teaching-learning processes, the teacher be-
comes a tutor who orients, guides, helps and
facilitates training processes, and communi-
cation. Similarly, Cabero (2016) points out
nine characteristics of online education that
include: spatial and temporal separation be-
tween teacher and student, mediated training
supported by different technologies, mediated
communication between teacher and student,
synchronous and asynchronous communi-
cation, students who are older than those of
the face-to-face system, existence of an ins-
titution that organizes the educational struc-
ture, incorporation in the educational action
of different profiles such as teachers, students,
material production technicians, material dis-
tributors, tutored training, and bidirectional,
multicode and multipersonal communica-
tion.
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In this study modality, it requires having
the appropriate pedagogical and technologi-
cal resources, in addition to facilitators of the
learning process who have a variety of tools
for the design, implementation and evalua-
tion of virtual resources (Jiménez et al., 2017).

ONLINE TUTOR

The online tutor is the person who provi-
des support to students, in a real or virtual
space, so that they can develop their cognitive
potential in the learning process, beyond the
skills with which they enter the educational
process (Espinoza and Ricaldi, 2018). It is
the person whose task is to adapt the contents
of the course to the characteristics and needs
of each student (Garcia, 2001 cited in Franco,
2017). Their role is a determining factor for
success in online education (Cabero, 2006 ci-
ted in Fernandez et al., 2013).

According to Fainholc (2008 cited in Abar-
ca, 2014) tutorial action or teacher mediation
should provide knowledge and experiences
that foster a diversified learning environment
detecting two specific responsibilities (1) su-
pport the student in their training so that they
learn to be autonomous, creative and respon-
sible for their learning process and (2) promo-
te innovative educational practices through
the Internet, through which students can in-
corporate the technological resources offered
by the web.

The functions of the online tutor are an
essential component for the effective interac-
tion between the tutor and the students. Gar-
cia (2006, cited in Abarca, 2014) points out
that among the functions of the online tutor
are the permanent provision of training, un-
derstanding the nature of distance education,
developing interactive courses that adapt to
technologies, identifying the characteristics of
students in order to adapt teaching strategies
to their particular needs, and evaluating stu-
dent achievement.
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Llorente (2007), points out that the func-
tions of the online tutor can be framed into
five fundamental ones: (1) academic func-
tion: guiding learning through questions that
encourage reflection and critical analysis,
in addition to which the tutor facilitates the
understanding of content and helps students
connect theory with practice, (2) technical
function: ensuring that students understand
how to use the course tools and technology
platforms, including offering technical su-
pport, managing work groups and updating
materials in the learning environment, (3)
guiding function: providing personalized su-
pport and guidance to students, helping them
develop effective study techniques and moti-
vating them to achieve their academic goals,
(4) social function: fostering an environment
of collaboration and communication among
students, including welcoming new partici-
pants, encouraging interaction and exchange
of ideas, and creating a sense of community
within the course), and (5) organizational
function: effectively planning and structuring
the course, establishing the course schedu-
le, explaining operating rules, coordinating
group work, and maintaining communication
with the teaching and organizational team.

DATA ANALYSIS

According to Krol and Zdonek (2020) data
analysis can be divided into 5 categories: (1)
descriptive analysis that answers the question
What happened, allows to understand and
know the reality through the characterization
of data and the identification of patterns, (2)
diagnostic analysis answers the question Why
did it happen, allows to detect regularities and
quantitative relationships between variables
through the analysis of historical data, (3)
predictive analysis answers the question What
will happen in the future, focuses on predicting
future events and trends through the analysis
of historical and current data, (4) prescriptive
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analysis answers the question What actions
should be taken? focuses on predicting futu-
re events and trends by analyzing historical
and current data, (4) prescriptive analytics
answers the question What actions should be
taken, supports the decision-making process
and, in many cases, automates actions based
on these decisions, and (5) cognitive analyti-
cs uses artificial intelligence technologies and
high-performance data analysis to automate
the decision-making process and increase the
efficiency of decisions by collaborating with
intelligent machines. In practice these catego-
ries coexist and complement each other (Bala-
li, et al., 2020; Sharma et al., 2022).

DESCRIPTIVE ANALYSIS

Descriptive analysis provides information
about what has happened in an organization’s
processes, uses data from the past to identify
changes that have occurred, explains the use
of a variety of historical data that help orga-
nizations make comparisons (Krél and Zdo-
nek, 2020; Sharma et al., 2022). Analyzes raw
data to draw meaningful conclusions that are
valuable to stakeholders (Sharma et al., 2022).
It provides the ability to evaluate things in a
healthier way in terms of how processes are
working, to verify whether objectives are
being achieved efficiently , enabling organiza-
tions to perform better (Sharma et al., 2022).

The descriptive data analysis process
follows 5 phases: (1) decide the benchmark
to evaluate the performance of the analysis-
-based system, (2) identify the required data,
(3) collect and sort the data for processing,
(4) examine the data to discover patterns and
calculate their efficiency, and (5) visualize the
data by presenting the discovered pattern in
the form of graphs (Sharma et al., 2022).

Descriptive analysis has the advantages of
providing historical context, measuring orga-
nizational objectives, identifying trends and
then visualizing patterns to classify strengths

and weaknesses of an organization (Sharma et
al., 2022). On the other hand, among its limi-
tations is that it cannot explain why things ha-
ppened so it must be used with other types of
analysis to have better results (Sharma et al.,
2022).

METHODOLOGY

The methodology followed in this work
followed the six-phase data analysis life cycle:
(1) ask questions, (2) obtain the data, (3) in-
vestigate the data, (4) prepare the data, and (5)
analyze the data.

The following is a description of each stage.

ASKING QUESTIONS

In this phase we worked on understanding
the challenge to be solved or the question to
be answered. The need to make data-driven
decisions to design continuing education
programs that optimize tutor performance
and ensure a quality learning experience was
identified. To this end, the following questions
were posed:

1. What is the general perception of stu-
dents about the performance of online
tutors?

2. What percentage of online tutors achie-
ve 80% satisfaction in the performance of
academic, technical, counseling, organi-
zational and social functions?

3. What is the best and worst function
evaluated by students?

4. Are there significant differences in the
evaluation of the functions?

5. What are the best and worst evaluated
items in each function?

6. What functions are most valued by
students in high-scoring online tutors?

7. What features need to be improved in
online tutors with low scores
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OBTAINING DATA

In this phase, the data needed to answer the
questions of the previous phase were identi-
fied. The results obtained from the application
of the evaluation instrument designed for the
courses taught in distance mode at the under-
graduate level of a Mexican university (Vicer-
rectoria de Docencia, S/F) for the spring 2019
period were used

The instrument is composed of 14 items or
statements in the didactic area associated with
5 functions: academic/pedagogical (5 items),
guiding (3 items), organizational (2 items),
social (3 items) and technical (1 item). These
statements were evaluated using a Likert scale
ranging from “Strongly disagree” to “Strongly
agree’.

Function Item

Al. Provided materials, examples and/or exercises
complementary to the material available on the
platform, if necessary.

A2. It provided feedback that helped me to make

Acade- | adjustments and improvements.

mic | A3. The teacher’s actions/interventions helped me
to improve my learning in the subject.

A4. Reported in a timely manner when adjust-
ments were made to the evaluation criteria.

A5. Observed the agreed/established evaluation criteria.

O1. Gave timely solution to my doubts

Gui- |O2. His actions/interventions motivated me to
dance | continue my studies.

O3. It motivated me to reflect on the topics addressed.

Or 1. Provided me with meaningful information

Organi- regarding the institution, if necessary.
zational | Or 2. Organized group work, facilitating group
interaction.
Tech- |T1. Efficiently used the tools available on the
nique | platform.
S1. Promoted friendly and respectful interaction
among group members.
Social S2. Encouraged, reinforced and acknowledged my

participations.

S3. Promoted interaction among the group throu-
gh appropriate and timely mechanisms.

Table 1. Evaluation instrument items

Source: Own elaboration, according to Instrumento
de evaluacion de la Docencia modalidad a
distancia. Benemérita Universidad Autéonoma de

Puebla. Vicerrectoria de Docencia (s.f.)

For each item, the percentage of accep-
tance was calculated by dividing the positive
responses (number of times the options agree
and strongly agree were selected) by the total
number of responses.

Positive responses

Percentafe of acceptance item; = ( ) x 100

Total responses

In addition, information was obtained on
the tutor who provided follow-up, name of the
subject, number of students enrolled and num-
ber of evaluations performed for each course.

The data reflect the evaluation of 103 cour-
ses corresponding to 83 different subjects tau-
ght in accounting by 75 tutors.

DATA RESEARCH

In this phase, it was determined whether
the data collected were complete and whe-
ther they contained relevant information to
answer the questions. It was analyzed which
specific information would be used and which
was sensitive and would have restricted access
to ensure the confidentiality of those being
evaluated.

The best way to present the data visually
was also analyzed.

DATA PREPARATION

In this phase the data were cleaned and
organized. Tasks were performed to avoid in-
consistencies, fill in missing values, change the
data to a format that was easy to work with.

Similarly, certain data were summarized
and others were added, such as the percentage
of acceptance for each of the tutor’s functions
in the academic, guidance, organizational, so-
cial and technical areas.

Porcentage of function;
acceptance porcentage item o) + -+ acceptance porcentage item (; j

Number of items i8n function;

Another input was the average of the ac-
ceptance percentages of all the functions to
obtain the total acceptance percentage of the
functions using the following formula:




Total Feature Acceptance Percent
Feature Acceptance Percentage; + -+ Feature Acceptance Percentages
- 5

At the end of the process, the data used to
perform the descriptive data analysis were:
the tutor identifier, course identifier, number
of enrollees, number of evaluations answe-
red, acceptance percentages for each of the 14
items, acceptance percentages for each of the
five functions and the total acceptance per-
centage of the functions.

ANALYZE DATA

In this phase, the data resulting from the
previous phase were analyzed and patterns,
correlations and relationships within a data
set were identified to draw inferences and
conclusions. Averages and element counts by
category were calculated to examine trends
and patterns with the support of spreadsheets
and visualization tools.

PRESENTATION OF RESULTS

This last phase corresponded to the gene-
ration of a report showing the most relevant
findings that would be useful and easy to un-
derstand for decision-makers. It was done

In this phase, spreadsheets and the Tableu
tool were used, which is a visual analysis pla-
tform that allows maximum use of the data
(Tableu, S.E), which, based on graphs, made
it possible to answer the questions of the pro-
posed analysis.

RESULTS

The findings of the analysis are presented below.

Most of the students showed satisfaction
with the performance of their tutors. Two
groups of tutors are differentiated by the
evaluation they receive. One group obtains
very high evaluations (95-100%), indicating
exceptional performance, while the other
group obtains moderately high evaluations
(70-75%) indicating good performance, al-
though with areas for potential improvement

The percentages of student-perceived ac-
ceptance of their tutors’ performance in each
role ranged from 70% to 80%, suggesting are-
as for potential improvement.
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Figure 2. Percentage of acceptance by function

Source: Own elaboration.

Fifty percent of the tutors are perceived by
the students with a medium-high performan-
ce by exceeding 79% of acceptance. The hi-
ghest concentration of tutors is between 68%
and 89% acceptance.
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Figure 3. Distribution of acceptance

percentages by quartile.

Source: Own elaboration.
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Figure 1. Distribution of percentage of acceptance

Source: Own elaboration.

The online tutors perceived by the students
with exceptional performance (percentage of
acceptance greater than 89.6%) are evaluated
positively in the 5 functions, exceeding 90% of
student acceptance. The organizational func-
tion is the one with the lowest perceived per-
formance, although the difference between
the other functions is not relevant.
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Figure 4. Percentage of acceptance by role
(tutors with exceptional performance)
Source: Own elaboration.

On the other hand, the tutors who are per-
ceived by the students as performing poorly
(percentage of acceptance between 32% and
68%) barely manage to exceed 60% of accep-
tance. The guidance, organizational and tech-

nical functions are below 60%, being possible
areas for potential improvement.
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Figure 5. Percentage of acceptance by function
(poorly performing tutors)
Source: Own elaboration.

Regarding the analysis of each of the
evaluated items, students perceive a high per-
formance close to 80% in items A1, A4 and A5
of the academic function. These items are re-
lated to specific information provided by the
online tutor on materials and evaluation cri-
teria. Items A2 and A3 are areas of potential
improvement as they are below average. The-
se items are related to feedback provided to a
student regarding their skills or performance
demonstrated during the completion of a task,
usually after instruction

-
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and counseling (b) functions.
Source: Own elaboration

Students perceive moderately high perfor-
mance on all items of the orienting function
01, 02, and O3 below 80% as a potential area
for improvement. The items in this function
are closely related to information provided to
a student regarding his or her skills or perfor-
mance demonstrated during the completion
of a task.

Also, students perceive a moderately high
performance in items Or1 and Or2 of the or-
ganizational function, exceeding 70% accep-
tance. Item Orl is below 80% and is related to
the use of collaborative and cooperative lear-
ning strategies.

Orl. Organized group work,
facilitating group interaction.

Porcentaje de aceptacién

a)
asic
S2. Encouraged, reinforced and
acknowledged my participations.
53. Promoted interaction among
the group through appropriate
and timely mechanisms.
b)

Figure 7. Acceptance by item in organizational
(a) and social (b) functions.
Source: Own elaboration

Similarly, students perceive lower perfor-
mance below 70% of acceptance items S2 and
S3 of the social function. The first one is rela-
ted to the information provided to a student
in relation to his or her skills or performance
demonstrated during the completion of an as-
signment.

From the findings, two areas of opportunity
are highlighted that can be the guide to deve-
lop training courses that impact the quality and
perception of students in the performance of
their tutors. The first with providing strategies
to tutors to provide quality information regar-
ding the skills or performance demonstrated
by students during the completion of a task and
the second on strategies that foster collaborati-
ve work and greater student interaction.
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CONCLUSIONS

This paper proposed a descriptive data
analysis to explore the performance of online
tutors, with the aim of identifying areas for
improvement and training needs that allow
designing continuing education programs

Although the findings may not be genera-
lizable to the current situation, given that the
context of online education may have under-
gone significant changes, by taking a descrip-
tive approach and exploring the performance
of online tutors in 2019, this paper seeks to lay

the groundwork for future research with more
recent data.

As future work, we will seek to obtain up-
dated information to perform similar analyses
that will allow comparisons to be made before
and after the implementation of training cou-
rses.

that respond to the specific needs of each ins-
titution and ensure quality online education.
The analysis was situated in the evaluation of
online tutors carried out in the spring 2019
period by students of the public accounting
faculty of a public university in Mexico.

It highlights the usefulness of descriptive
analysis for data-driven decision making that
allows institutions to take action to improve
their academic and administrative processes by
detecting strengths and areas of opportunity.

REFERENCES

Abarca, Y. A. (2014). La interaccién tutor-estudiante en dmbitos de educacion a distancia. Revista de lenguas modernas. (20).
https://revistas.ucr.ac.cr/index.php/rlm/article/view/14984

Balali, E, Nouri, ., Nasiri, A., Zhao, T. (2020). Data Analytics. En: Data Intensive Industrial Asset Management. Springer, Cham.
https://doi.org/10.1007/978-3—030—35930—0_7

Cabero, J. (2016). La educacion a distancia como estrategia de inclusion social y educativa. Revista Mexicana de Bachillerato a
Distancia, 8(15):138-147. http://hdl.handle.net/11441/34247

Cabero, J. & Llorente, M.C. (2007). La interaccién en el aprendizaje en red: uso de herramientas, elementos de analisis y
posibilidades educativas. Revista Iberoamericana de Educacion a Distancia, 10(2). 97-123. http://hdlL.handle.net/11441/16409

Dominguez, C., & Marcelo Garcia, C. (2013). Tareas y competencias del tutor online. Profesorado, 17(2), 305-325. http://hdl.
handle.net/10481/30021

Espinoza, E. E. y Ricaldi, M. L. (2018). The tutor in virtual learning environments. Revista Universidad y Sociedad, 10(3), 201-
210. http://ref.scielo.org/g4kkzq

Fernandez, M. A., Téjar, J. C., y Mena, E. (2013). Evaluacién de buenas précticas de tutorizacién e-learning. Funciones del
teletutor y su papel en la formacién. Revista de Medios y Educacion. Revista de Medios y Educacion. (43). http://dx.doi.
0rg/10.12795/pixelbit.2013.143.08

Franco, Y. M. (2017). Rol del tutor en el contexto del aprendizaje virtual. Revista Scientific, 2(6), 270-285. https://doi.
org/10.29394/scientific.issn.2542-2987.2017.2.6.14.270-285

Garcia, E J. & Seoane, A. M. (2015). Una revision actualizada del concepto de elearning: décimo aniversario. Education in the
Knowledge Society.16(1). 119-144. http://www.redalyc.org/articulo.0a?id=535554757008

Jiménez, M. A. E, Rodriguez, E. M., & Hurtado, J. C. T. (2017). Funciones de la tutoria en e-learning: Estudio mixto de los roles
del tutor online. Revista de investigacién educativa, 35(2), 409-426. https://doi.org/10.6018/rie.35.2.273271



https://revistas.ucr.ac.cr/index.php/rlm/article/view/14984
https://doi.org/10.1007/978-3-030-35930-0_7
http://hdl.handle.net/11441/34247
http://hdl.handle.net/11441/16409
http://hdl.handle.net/10481/30021
http://hdl.handle.net/10481/30021
http://ref.scielo.org/g4kkzq
http://dx.doi.org/10.12795/pixelbit.2013.i43.08
http://dx.doi.org/10.12795/pixelbit.2013.i43.08
https://doi.org/10.29394/scientific.issn.2542-2987.2017.2.6.14.270-285
https://doi.org/10.29394/scientific.issn.2542-2987.2017.2.6.14.270-285
http://www.redalyc.org/articulo.oa?id=535554757008
https://doi.org/10.6018/rie.35.2.273271

Krol, K., y Zdonek, D. (2020). Analytics maturity models: An overview. Information, 11(3), 142. https://doi.org/10.3390/
info11030142

Llorente, M. D. C. (2007). La tutoria virtual: técnicas, herramientas y estrategias. Revista Eduweb, 1(1), 23-38. https://www.
revistaeduweb.org/index.php/eduweb/article/view/290

Rahmani, A. M., Groot, W,, & Rahmani, H. (2024). Dropout in online higher education: a systematic literature review.
International Journal of Educational Technology in Higher Education, 21(1), 19. https://doi.org/10.1186/s41239-024-00450-9

Sharma, A. K., Sharma, D. M., Purohit, N., Rout, S. K., & Sharma, S. A. (2022). Analytics Techniques: Descriptive Analytics,
Predictive Analytics, and Prescriptive Analytics. En P. M. Jeyanthi, T. Choudhury, D. Hack-Polay, T. P. Singh & S. Abujar
(Eds.), Decision Intelligence Analytics and the Implementation of Strategic Business Management (pp. 1-14). Springer Nature
Switzerland AG. https://doi.org/10.1007/978-3-030-82763-2_1

Tableu. (s.f.). Qué es Tableu. https://www.tableau.com/es-mx/why-tableau/what-is-tableau

Velazco, S. Y., Abuchar, A., Castilla, L., and Rivera, K. (2017). e-learning: Rompiendo fronteras. Redes de Ingenieria, 91-100.
https://doi.org/10.14483/2248762X. 12480

Vicerrectoria de Docencia. (s.f.). Instrumento de evaluacién de la Docencia modalidad a distancia. Benemérita Universidad
Auténoma de Puebla. https://repositorio.buap.mx/rdocencia/public/inf_public/2022/0/k-Instrumento-de-Evaluacion-2019-
Modalidad-a-Distancia.pdf

Vlachopoulos, D., & Makri, A. (2021). Quality Teaching in Online Higher Education: The Perspectives of 250 Online Tutors
on Technology and Pedagogy. International Journal of Emerging Technologies in Learning (iJET), 16(06), 40-56. https://doi.
org/10.3991/ijet.v16i06.20173

Xavier, M., & Meneses, J. (2020). Dropout in Online Higher Education: A scoping review from 2014 to 2018. Barcelona: eLearn
Center, Universitat Oberta de Catalunya. https://doi.org/10.7238/uoc.dropout.factors.2020



https://doi.org/10.3390/info11030142
https://doi.org/10.3390/info11030142
https://www.revistaeduweb.org/index.php/eduweb/article/view/290
https://www.revistaeduweb.org/index.php/eduweb/article/view/290
https://doi.org/10.1186/s41239-024-00450-9
https://doi.org/10.1007/978-3-030-82763-2_1
https://www.tableau.com/es-mx/why-tableau/what-is-tableau
https://doi.org/10.14483/2248762X.12480
https://repositorio.buap.mx/rdocencia/public/inf_public/2022/0/k-Instrumento-de-Evaluacion-2019-Modalidad-a-Distancia.pdf
https://repositorio.buap.mx/rdocencia/public/inf_public/2022/0/k-Instrumento-de-Evaluacion-2019-Modalidad-a-Distancia.pdf
https://doi.org/10.3991/ijet.v16i06.20173
https://doi.org/10.3991/ijet.v16i06.20173

