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Abstract: The preparation of school schedules 
is a problem that occurs in many educational 
institutions around the world. From the 
mathematical approach, school schedules are 
considered NP-hard, since the computational 
time in searching for the solution can increase 
exponentially by increasing the number 
of variables, or by the complexity of the 
restrictions. Different strategies are reported 
in the literature to solve this problem; however, 
these do not guarantee finding the best 
solution or global optimum of the problem. 
This document establishes a validation of 
the three-stage assignment strategy that has 
been used in the solution of school schedules, 
whose results are characterized by obtaining 
good solutions in short times through the 
exact branching and bounding technique. 
Validation consists of demonstrating that 
the strategy reaches the global optimum in a 
school schedule problem.
Keywords: NP-Hard, School schedule, Staged 
strategy, Global optimal.

INTRODUCTION
The preparation of activity schedules is a 

problem that occurs in a wide variety of areas, 
particularly in educational institutions. Its 
difficulty lies in the large number of options 
that can be generated and choosing the best 
one, or one that meets all the needs of the 
institution, is a task that consumes a large 
amount of time, even in problems with a few 
subjects, classrooms. and teachers.

The development of a school schedule 
from a mathematical point of view is classified 
as an NP-hard problem due to the large 
number of combinations present, causing the 
computational time in searching for a solution 
to increase drastically (Bardadym, 1996; Even, 
Itai & Shamir, 1976).

Different strategies have been reported 
in the literature to solve school schedules, 
highlighting different methods that guarantee 

a good solution in short times, or the use of 
exact techniques in the search for the global 
optimum of the problem. 

The first works correspond to assignment 
models (Appleby, Blake & Newman, 1961; 
Csima & Gotlieb, 1964) and the graph 
coloring technique (De Werra, 1985; De 
Werra, Asratian & Durand, 2002; Welsh & 
Powell, 1967). 

On another side, various authors have 
chosen to use Mathematical Programming in 
the search for an optimal solution, highlighting 
PE Integer Programming (Lawrie,1969), 
PEB Binary Integer Programming (Arratia-
Martinez, Maya-Padron & Avila-Torres, 2021; 
Bakir & Aksop, 2008; b; Palma & Bornhardt, 
2020; Sánchez-Partida, Martínez-flores, 
Cabrera-Rios & Olivares-Benitez, 2017; Son & 
Ngan, 2021; Tripathy, 1984) and finally Mixed 
Integer Programming (PEM) & Mason, 2016; 
Lindahl, Sørensen & Stidsen,2018; Rappos, 
Thiémard, Robert & Hêche, 2022; Sørensen 
& Dahms, 2014; Tassopoulos, Iliopoulou & 
Beligiannis, 2020).

In recent years, other strategies have been 
used that have allowed good quality solutions 
to be achieved in less time to large problems; 
however, these do not guarantee the global 
optimum of the problem. The use of local 
search methods stands out (Demirović & 
Musliu, 2017; Goh, Kendall & Sabar, 2017; 
Rezaeipanah, Matoori & Ahmadi, 2021; 
Saviniec, Santos & Costa, 2017, 2018; Song, 
Liu, Tang, Peng & Chen, 2018), metaheuristic 
tabu search techniques (Goh et al., 2017; 
Lü & Hao, 2010; Saviniec et al., 2018) and 
genetic algorithms (Arias-Osorio & Mora-
Esquivel, 2020; Beligiannis, Moschopoulos & 
Likothanassis, 2009; Feng, Lee & Moon, 2017; 
Junn, Obit & Alfred, 2018; Khonggamnerd & 
Innet, 2009; Lin, Chin, Tsui & Wong, 2016; 
Niknamian, 2021; Raghavjee & Pillay, 2010; 
Rezaeipanah et al., 2021; Yigit, 2007), solutions 
based on minimal disturbance (Barták, Müller 
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& Rudová, 2003; Lindahl, Stidsen & Sørensen, 
2019; Phillips, Walker, Ehrgott & Ryan 2017), 
in addition to hyper-heuristics (Ahmed, 
Özcan & Kheiri, 2015; Junn, Obit, Alfred & 
Bolongkikit, 2019; Kheiri, Özcan & Parkes, 
2016) among others (Cruz-Rosales et al., 
2022; Esmaeilbeigi, Mak-Hau, Yearwood, & 
Nguyen, 2022; Mirghaderi, Alimohammadlo 
& Fotovvati, 2023; Wouda, Aslan & Vis, 2023).

In another solution approach, authors 
have chosen to develop the school schedule 
in two stages, which has allowed the number 
of variables used in mathematical modeling 
to be greatly reduced, speeding up the search 
for the solution. (Birbas et al., 2009; Lindahl 
et al., 2018; Sørensen & Dahms, 2014; Yasari, 
Ranjbar, Jamili & Shaelaie, 2019).

Recently Hernández et al. (2020a, 2020b) 
developed a strategy in preparing university 
schedules, which consists of decomposing the 
problem into three stages, which significantly 
reduces the number of binary variables, 
limiting the solution space. This strategy 
allows the exact branching and bounding 
technique to generate the optimal solution for 
each stage in short times, however, it is not 
demonstrated whether it reaches the global 
optimum of the problem. 

The main contribution of this document 
is the validation of the three-stage strategy 
proposed by Hernández et al. (2020a, 2020b) in 
obtaining the global optimum of the problem. 
To demonstrate whether it reaches the global 
optimum, it is considered to solve a school 
schedule through a single mathematical model 
with an exact technique, and then compare it 
with the solution achieved by the strategy in 
three stages in different instances. 

THREE-STAGE ALLOCATION 
STRATEGY
The number of combinations of a 

mathematical model with binary variables 
is 2n, where n is the number of variables. To 
limit the search space, the strategy evaluated 
in this study proposes solving the problem 
in stages, as other authors have done in the 
development of school schedules (Birbas et al., 
2009; Lindahl et al., 2018; Sørensen & Dahms, 
2014; Yasari et al., 2019), which has allowed 
the number of variables to be reduced. The 
study by Sørensen and Dahms (2014) shows 
the mathematical theoretical theorems that 
illustrate the advantages of working a binary 
problem in stages, substantiating the benefits 
of this strategy for its application in other 
cases of school schedules.

Unlike the studies mentioned in the 
previous paragraph, where a maximum of two 
stages were used, the strategy proposed by 
Hernández et al. (2020a, 2020b) considered 
the development of a university schedule in 
three of these, using binary variables from 
two indices. This strategy assigns each subject 
a time interval, a classroom and a teacher 
consecutively, through three mathematical 
models (see figure 1).

Table 1 shows a comparison between 
proposing a mathematical model to develop 
a university schedule, such as the studies 
presented in (Arratia-Martinez et al., 2021; 
Bakir & Aksop, 2008; Daskalaki et al., 2004; 
Palma & Bornhardt, 2020; Sánchez-Partida 
et al., 2017; Schimmelpfeng & Helber, 2007) 
which used PEB and exact techniques in 
the search for the solution, or the proposal 
developed by Hernández et al. (2020a, 2020b) 
of using three mathematical models, taking 
into account 126 subjects, 14 time intervals, 
9 classrooms and 21 teachers. As can be seen, 
when the modeling is decomposed into three 
stages, the number of variables is considerably 
reduced by 98.34% and it is only necessary 
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Figure 1: Decomposition of the original problem into three stages

Source: Hernández et al. (2020a)

1 Mathematical model 3 Mathematical models
Model 1 xijkl Model 1 xij Model 2 yik Model 3 zil

4-Index Binary Variable Binary variable 2-indices Binary variable 2-indices Binary variable 2-indices
i Subject 126 i Subject 126 i Subject 126 i Subject 126

j Time interval 14 j Time interval 14 k Classroom 9 l Teacher 21
k Classroom 9

Variables (i x j) 1,764 Variables (i x k) 1,134 Variables (i x l) 2,646
l Teacher 21

Total binary variables
(i x j x k x l)  333,396 Total binary variables  5,544

Table 1: Comparison of the number of variables between one and three mathematical models

Source: Hernández et al. (2020a)

to use two indices in each variable, greatly 
simplifying the complexity of the problem.

As in the works (Arratia-Martinez et 
al., 2021; Daskalaki et al., 2004), the three-
stage proposal uses subsets in each of the 
mathematical models, with the intention of 
separating subjects by group and interval of 
time, allowing modeling of certain constraints 
to be easier and reducing iteration between 
variables. In addition, coefficients are used in 
the objective function intentionally to speed 
up the search in binary variables.

VALIDATION OF THE 
ALLOCATION STRATEGY IN 
THREE STAGES
The validation of the three-stage strategy 

consists of demonstrating that it reaches the 
global optimum of the problem through the 
exact branching and bounding technique 
in a short time, compared to solving the 
problem in a single mathematical model. 
For which a school schedule problem was 
proposed in which it seeks to maximize the 

number of subjects to be assigned to a time 
interval, classroom and teacher considering 
the following restrictions:

• Each subject must not be assigned 
more than once.

• Per classroom in each time interval, 
only one subject can be assigned.

• Do not exceed the capacity of the 
classrooms (number of students).

• Only one subject can be assigned per 
time slot for each teacher.

• The maximum number of subjects per 
teacher must not be exceeded.

To validate the strategy, four mathematical 
models were designed. The first of them was 
established to solve the problem in a single 
step, allowing us to know the global optimum 
of the problem. Subsequently, the three 
mathematical models concerning each of the 
stages of the strategy appear, whose sequential 
resolution will generate the solution to the 
problem. The comparison of these solutions 
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in different instances will determine if the 
staged strategy reaches the global optimum of 
the problem.

NOMENCLATURE USED IN 
MATHEMATICAL MODELS

SETS
I Subjects I = {Course1, Course2 , ... , Course |i|}.
J Time intervals J = {T1, T2 , ... ,T|J|}.
K Classrooms K = {C1, C2 , ... ,C|K|}.
L Teachers L = {P1, P2 , ... ,P|L|}.

INDICES
i Subject i ∈ I.
j Time Interval j ∈ J.
k Classroom k ∈ K.
l Teacher l ∈ L.

SUBSETS
In ⊂ I Subjects assigned to time intervals n. n 
∈ {T1, T2 , ... ,T|J|}.

PARAMETERS
aijkl = Number of students of subject i in time 
interval j in classroom k of teacher l.
aik = Number of students of subject i in 
classroom k.
Classrooms avaliable =  Number of classrooms 
available. 
Classrooms capacityk = Maximum capacity of 
the number of students in the classroom k.
Subjects per teatcherl = Maximum number of 
subjects per teacher l.

BINARY VARIABLE USED IN THE 
MATHEMATICAL MODEL 1

xijkl

1 Subject i is assigned in time interval j, 
classroom k and teacher l.
0 Subject i is not assigned in time interval j, 
classroom k and teacher l.

BINARY VARIABLE USED IN 
MATHEMATICAL MODEL 2 - STAGE 
I

xij

1 Subject i is assigned in time interval j.
0 Subject i is not assigned in time interval j.

BINARY VARIABLE USED IN 
MATHEMATICAL MODEL 3 - STAGE 
II

yik

1 Subject i is assigned to classroom k.
0 Subject i is not assigned to classroom k.

BINARY VARIABLE USED IN 
MATHEMATICAL MODEL 4 - STAGE 
III

zil

1 Subject i is assigned to teacher l.
0 Subject i is not assigned to teacher l.

MATHEMATICAL MODEL 1: 
SUBJECT ASSIGNMENT-TIME 
INTERVAL-CLASSROOM-
TEACHER
Mathematical model 1 was designed to find 

the solution to the problem in a single step. 
Consider the assignment of subjects to a time 
interval, classroom and teacher, taking into 
account all the constraints of the problem.

 (1)

Subject to:

 (2)

 (3)

   
(4)

 (5)

 (6)

 (7)
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The Objective Function (1) seeks to 
maximize the number of subjects to be 
assigned in a time interval, classroom and 
teacher. The restrictions provide that:

• (2) Each subject must not be assigned 
more than once.

• (3) Only one subject can be assigned 
per classroom in a time interval.

• (4) It obliges not to exceed the capacity 
of the classrooms.

• (5) Only one subject can be assigned 
per time slot for each teacher.

• (6) The maximum number of subjects 
per teacher must not be exceeded.

MATHEMATICAL MODELING OF 
THE THREE-STAGE ALLOCATION 
STRATEGY

MATHEMATICAL MODEL 2 - STAGE 
I: SUBJECT ASSIGNMENT-TIME 
INTERVAL
Mathematical model 2 was established to 

generate the solution of stage I, which consists 
of the assignment of subjects with the time 
interval, taking into account the restrictions 
related to it.

 (8)

Subject to:
 (9)

 (10)

 (11)

The objective function (8) seeks to maximize 
the number of subjects to be assigned to a time 
interval. The restrictions consider that:

• (9) Each subject must be assigned in 
no more than one time slot. 

• (10) The subjects assigned per time 
interval must not exceed the number of 
available classrooms.

MATHEMATICAL MODEL 3- 
STAGE II: SUBJECT-CLASSROOM 
ASSIGNMENT
Mathematical model 3 was developed to 

obtain the solution of stage II, which consists 
of assigning the subject to the classroom, 
taking into account the restrictions of the 
problem.

 (12)

Subject to:

 (13)

 (14)

 (15)

The objective function (12) maximizes the 
number of subjects assigned to classrooms. 
For their part, the restrictions establish that:

• (13) Each subject must be assigned in 
no more than one classroom. 

• (14) Groups of students larger than 
their capacity must not be assigned to 
each classroom. 

MATHEMATICAL MODEL 4 – STAGE 
III: SUBJECT ASSIGNMENT-TEACHER
Mathematical model 4 was developed 

to generate the solution of stage III, which 
consists of assigning the subject with the 
teacher, taking into account the restrictions 
related to it.

 (16)

Subject to:
 (17)

 (18)
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 (19)

 (20)

The objective function (16) seeks to 
maximize the number of subjects to be assigned 
to teachers. The restrictions determine that:

• (17) Each subject must be assigned to 
no more than one teacher.

• (18) In each time interval, no more 
than one subject must be assigned per 
teacher.

• (19) The maximum number of subjects 
per teacher must not be exceeded.

EXPERIMENTS
To validate the strategy in three stages in 

obtaining the global optimum, five instances 
were solved, considering different sizes of the 
problem in terms of the number of subjects, 
time intervals, classrooms and teachers as 
shown in table 2. 

Instance Subjects Timeslots Classrooms Teachers
1 4 2 2 2
2 8 4 2 2
3 32 8 4 6
4 40 8 5 7
5 48 8 6 8

Table 2: Instances considered in the 
experimentation

Source: self made

A computer with an AMD Ryzen 3 
processor, with 8 GB of RAM, using the 
Windows 10 Home system was used. The data 
matrices were programmed in Excel, which 
were linked to the Lingo 17 software where 
the mathematical models were captured 
and solved through the exact branching and 
bounding technique.

RESULTS
Table 3 shows the comparison between 

using a mathematical model and using the 
three-stage assignment strategy, considering 
the number of binary variables, restrictions, 
non-zeros, the optimal value and the search 
times for the solution in each one of the 
instances. The optimal value of model 1 
determines the objective that must be achieved 
in each of the models 2-4 corresponding to 
the staged strategy, to conclude that it found 
the global optimum of the problem. 

In all instances, the global optimum was 
obtained with the three-stage strategy, but 
with a significant decrease in the number of 
variables and the solution time, with respect 
to using a single mathematical model, as 
detailed in Table 4.

The three-stage strategy allows a reduction 
in the number of variables of up to 94%, 
significantly limiting the solution space, 
simplifying the time spent searching for the 
solution by up to 99% in the last instance.

Instance 1 Model Three 
stages Reduction

1
Binary 
variables 32 24 25%

Time <1 second <1 second 0%

2
Binary 
variables 128 64 50%

Time <1 second <1 second 0%

3
Binary 
variables 6,144 576 91%

Time 15 second <2 second 87%

4
Binary 
variables 11,200 800 93%

Time 23 second <2 second 91%

5
Binary 
variables 18,432 1,056 94%

Time 8 h 2 second +99%

Table 4: Reduction in the number of variables 
and solution time through the three-stage 

strategy

Source: self made
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Instance Model
 1

Three stages
Stage I

Model 2
Stage II
Model 3

Stage III
Model 4 Total

1

Binary variables 32 8 8 8 24
Restrictions 15 7 9 11 27
Non-zero 160 24 24 32 80
Optimal value 4 4 4 4
Time <1 second <1 second <1 second <1 second <1 second

2

Binary variables 128 32 16 16 64
Restrictions 27 13 17 19 49
Non-zeros 640 96 48 64 208
Optimal value 8 8 8 8
Time <1 second <1 second <1 second <1second <1 second

3

Binary variables 6,144 256 128 192 576
Restrictions 103 41 65 87 193
Non-zero 30,752 768 384 768 1,920
Optimal value 32 32 32 32
Time 15 second <1 second <1 second <1 second <2 second

4

Binary variables 11,200 320 200 280 800
Restrictions 128 49 81 104 234
Non-zeros 56,040 960 600 1120 2,680
Optimal value 40 40 40 40
Time 23 second <1 second <1 second <1 second <2 second

5

Binary variables 18,432 384 288 384 1,056
Restrictions 153 57 97 121 275
Non-zeros 92,208 1,152 864 1,536 3,552
Optimal value ----------- 48 48 48
Time 8 hours 1 second <1 second <1 second 2 second

Table 3: Comparison between a mathematical model and the three stages

Source: self made

CONCLUSIONS
This article presented the validation of the 

three-stage allocation strategy proposed by 
Hernández et al. (2020a, 2020b), in obtaining 
the global optimum of an NP-hard school 
schedule problem. The strategy proposes 
the decomposition of the problem into three 
mathematical models, greatly simplifying its 
complexity, which allows obtaining solutions 
in short times compared to solving the 
problem in a single step.

The validation of the strategy consisted 
of demonstrating that it reaches the global 
optimum of the problem through the exact 

technique of branching and bounding in short 
times, compared to solving the problem in a 
single mathematical model. 

Five instances were resolved. The three-
stage assignment strategy managed to find 
the global optimum of the problem with 
a significant reduction in the number of 
variables of up to 94%, reducing the search 
time for the solution by up to 99% compared 
to solving the problem in a mathematical 
model only.

For future research, it will be attractive 
to demonstrate whether the three-stage 
strategy manages to find the global optimum 
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of university schedules, where there are 
restrictions of greater complexity than those 
presented in this study. Furthermore, this 
strategy could be used in the solution of other 
NP-hard problems, with the intention of 
finding the global optimum.

INTEREST CONFLICT
The authors declare that there is no conflict 

of interest with respect to the research, 
authorship, and/or publication of this article.

REFERENCES
Ahmed, L. N., Özcan, E., & Kheiri, A. (2015). Solving high school timetabling problems worldwide using selection hyper-
heuristics. Expert Systems with Applications, 42(13), 5463–5471. https://doi.org/10.1016/j.eswa.2015.02.059

Appleby, J. S., Blake, D. V., & Newman, E. A. (1961). Techniques for producing school timetables on a computer and their 
application to other scheduling problems. The Computer Journal, 3(4), 237–245. https://doi.org/10.1093/comjnl/3.4.237

Arias-Osorio, J., & Mora-Esquivel, A. (2020). A solution to the university course timetabling problem using a hybrid method 
based on genetic algorithms. DYNA: Revista de La Facultad de Minas. Universidad Nacional de Colombia. Sede Medellín, 
87(215), 47–56. https://doi.org/10.15446/dyna.v87n215.85933

Arratia-Martinez, N. M., Maya-Padron, C., & Avila-Torres, P. A. (2021). University Course Timetabling Problem with Professor 
Assignment. Mathematical Problems in Engineering, 2021. https://doi.org/10.1155/2021/6617177

Bakir, M. A., & Aksop, C. (2008). A 0-1 integer programming approach to a university timetabling problem. Hacettepe Journal 
of Mathematics and Statistics, 37(1), 41–55.

Bardadym, V. A. (1996). Computer-aided school and university timetabling: The new wave. In: Burke E., Ross P. (Eds), Practice 
and Theory of Automated Timetabling. Lecture Notes in Computer Science, 1153, 22–45. https://doi.org/10.1007/3-540-61794-
9_50

Barták R., Müller T., & Rudová H. (2003). A New Approach to Modeling and Solving Minimal Perturbation Problems. In Apt, 
K., Fages F., Rossi F., Szeredi P., y Váncza J. (Eds), Recent Advances in Constraints (pp.233-249). Lecture Notes In Computer 
Science, 3010. Germany: Springer-Verlag Berlin Heidelberg. https://doi.org/10.1007/978-3-540-24662-6_13

Beligiannis, G. N., Moschopoulos, C., & Likothanassis, S. D. (2009). A genetic algorithm approach to school timetabling. Journal 
of the Operational Research Society, 60(1), 23–42. https://doi.org/10.1057/palgrave.jors.2602525

Birbas, T., Daskalaki, S., & Housos, E. (2009). School timetabling for quality student and teacher schedules. Journal of Scheduling, 
12(2), 177–197. https://doi.org/10.1007/s10951-008-0088-2

Cruz-Rosales, M. H., Cruz-Chávez, M. A., Alonso-Pecina, F., Peralta-Abarca, J. D. C., Ávila-Melgar, E. Y., Martínez-Bahena, 
B., & Enríquez-Urbano, J. (2022). Metaheuristic with Cooperative Processes for the University Course Timetabling Problem. 
Applied Sciences, 12(2). https://doi.org/10.3390/app12020542

Csima, J., & Gotlieb, C. (1964). Tests on a computer method for constructing school timetables. Communications of the ACM, 
7(3), 160–163. https://doi.org/10.1145/363958.363986

Daskalaki, S., Birbas, T., & Housos, E. (2004). An integer programming formulation for a case study in university timetabling. 
European Journal of Operational Research, 153(1), 117–135. https://doi.org/10.1016/S0377-2217(03)00103-6

De Werra, D. (1985). An introduction to timetabling. European Journal of Operational Research, 19(2), 151–162. https://doi.
org/10.1016/0377-2217(85)90167-5

De Werra, D., Asratian, A. S., & Durand, S. (2002). Complexity of some special types of timetabling problems. Journal of 
Scheduling, 5(2), 171–183. https://doi.org/10.1002/jos.97

Demirović, E., & Musliu, N. (2017). MaxSAT-based large neighborhood search for high school timetabling. Computers and 
Operations Research, 78, 172–180. https://doi.org/10.1016/j.cor.2016.08.004

https://doi.org/10.1016/j.eswa.2015.02.059
https://doi.org/10.1093/comjnl/3.4.237
https://doi.org/10.15446/dyna.v87n215.85933
https://doi.org/10.1155/2021/6617177
https://doi.org/10.1007/3-540-61794-9_50
https://doi.org/10.1007/3-540-61794-9_50
https://doi.org/10.1007/978-3-540-24662-6_13
https://doi.org/10.1057/palgrave.jors.2602525
https://doi.org/10.1007/s10951-008-0088-2
https://doi.org/10.3390/app12020542
https://doi.org/10.1145/363958.363986
https://doi.org/10.1016/S0377-2217(03)00103-6
https://doi.org/10.1002/jos.97
https://doi.org/10.1016/j.cor.2016.08.004


10
Journal of Engineering Research ISSN 2764-1317 DOI https://doi.org/10.22533/at.ed.3174142429041

Even, S., Itai, A., & Shamir, A. (1976). On the complexity of timetable and multicommodity flow problems. SIAM Journal on 
Computing, 5(4), 691–703. https://doi.org/10.1109/SFCS.1975.21

Esmaeilbeigi, R., Mak-Hau, V., Yearwood, J., & Nguyen, V. (2022). The multiphase course timetabling problem. European Journal 
of Operational Research, 300(3), 1098–1119. https://doi.org/10.1016/j.ejor.2021.10.014

Feng, X., Lee, Y., & Moon, I. (2017). An integer program and a hybrid genetic algorithm for the university timetabling problem. 
Optimization Methods and Software, 32(3), 625–649. https://doi.org/10.1080/10556788.2016.1233970

Goh, S. L., Kendall, G., & Sabar, N. R. (2017). Improved local search approaches to solve the post enrolment course timetabling 
problem. European Journal of Operational Research, 261(1), 17–29. https://doi.org/10.1016/j.ejor.2017.01.040

Hernández-Vázquez, J. I., Hernández-González, S., Baltazar-Flores, M. D. R., Jiménez-García, J. A., & Hernández-Vázquez, J. O. 
(2020a). Programación matemática binaria por etapas en la elaboración de un horario universitario. Entreciencias: diálogos en la 
sociedad del conocimiento, 8(22), 1–18. http://dx.doi.org/10.22201/enesl.20078064e.2020.22.70018

Hernández-Vázquez, J. I., Hernández-González, S., Baltazar-Flores, M. D. R., Jiménez-García, J. A., Hernández-Vázquez, J. O., 
& Tapia-Esquivias, M. (2020b). Case study: Three stages in the planning of postgraduate examinations through binary integer 
programming. International Journal of Combinatorial Optimization Problems & Informatics, 11(2), 46–60.

Junn, K. Y., Obit, J. H., & Alfred, R. (2018). The Study of Genetic Algorithm Approach to Solving University Course Timetabling 
Problem. In: Alfred R., Iida H., Ag. Ibrahim A., Lim Y. (Eds), Computational Science and Technology (pp. 454-463). Lecture 
Notes in Electrical Engineering, 488. Singapore: Springer. https://doi.org/10.1007/978-981-10-8276-4_43

Junn, K. Y., Obit, J. H., Alfred, R., & Bolongkikit, J. (2019). A formal model of multi-agent system for university course timetabling 
problems. In Alfred R., Lim Y., Ibrahim A.,  Anthony P., (Eds), Computational Science and Technology (pp.215-225). Lecture 
Notes in Electrical Engineering, 481. Singapore: Springer. https://doi.org/10.1007/978-981-13-2622-6_22

Kheiri, A., Özcan, E., & Parkes, A. J. (2016). A stochastic local search algorithm with adaptive acceptance for high-school 
timetabling. Annals of Operations Research, 239(1), 135–151. https://doi.org/10.1007/s10479-014-1660-0

Khonggamnerd, P., & Innet, S. (2009). On improvement of effectiveness in automatic university timetabling arrangement 
with applied genetic algorithm. In 2009 Fourth International Conference on Computer Sciences and Convergence Information 
Technology, 1266–1270. https://doi.org/10.1109/ICCIT.2009.202

Kristiansen, S., Sørensen, M., & Stidsen, T. R. (2015). Integer programming for the generalized high school timetabling problem. 
Journal of Scheduling, 18(4), 377–392. https://doi.org/10.1007/s10951-014-0405-x 

Lawrie, N. L. (1969). An integer linear programming model of a school timetabling problem. The Computer Journal, 12(4), 
307–316. https://doi.org/10.1093/comjnl/12.4.307

Lin, M. Y., Chin, K. S., Tsui, K. L., & Wong, T. C. (2016). Genetic based discrete particle swarm optimization for Elderly Day Care 
Center timetabling. Computers and Operations Research, 65, 125–138. https://doi.org/10.1016/j.cor.2015.07.010

Lindahl, M., & Mason, A. (2016). Room Planning at Universities. In 11th International Conference on Practice and Theory of 
Automated Timetabling, 515–519.

Lindahl, M., Sørensen, M., & Stidsen, T. R. (2018). A fix-and-optimize matheuristic for university timetabling. Journal of 
Heuristics, 24(4), 645–665. https://doi.org/10.1007/s10732-018-9371-3

Lindahl, M., Stidsen, T., & Sørensen, M. (2019). Quality recovering of university timetables. European Journal of Operational 
Research, 276(2), 422–435. https://doi.org/10.1016/j.ejor.2019.01.026

Lü, Z., & Hao, J. K. (2010). Adaptive Tabu Search for course timetabling. European Journal of Operational Research, 200(1), 
235–244. https://doi.org/10.1016/j.ejor.2008.12.007

Mirghaderi, S., Alimohammadlo, M., & Fotovvati, M. (2023). Automated University Course Timetabling Using Hyper-Heuristic 
Approach. Sharif Journal of Industrial Engineering & Management. https://doi.org/10.24200/j65.2022.57866.2212

https://doi.org/10.1109/SFCS.1975.21
https://doi.org/10.1016/j.ejor.2021.10.014
https://doi.org/10.1080/10556788.2016.1233970
https://doi.org/10.1016/j.ejor.2017.01.040
http://dx.doi.org/10.22201/enesl.20078064e.2020.22.70018
https://doi.org/10.1007/978-981-10-8276-4_43
https://doi.org/10.1007/978-981-13-2622-6_22
https://doi.org/10.1007/s10479-014-1660-0
https://doi.org/10.1109/ICCIT.2009.202
https://doi.org/10.1007/s10951-014-0405-x
https://doi.org/10.1093/comjnl/12.4.307
https://doi.org/10.1016/j.cor.2015.07.010
https://doi.org/10.1007/s10732-018-9371-3
https://doi.org/10.1016/j.ejor.2008.12.007
https://doi.org/10.24200/j65.2022.57866.2212


11
Journal of Engineering Research ISSN 2764-1317 DOI https://doi.org/10.22533/at.ed.3174142429041

Niknamian, S. (2021). Proposing a Novel Mathematical Model and Meta-Heuristic Algorithm for University Course Timetabling 
with an Educational Quality Approach. SSRN. https://doi.org/http://dx.doi.org/10.2139/ssrn.3789765

Palma, C. D., & Bornhardt, P. (2020). Considering section balance in an integer optimization model for the curriculum-based 
course timetabling problem. Mathematics, 8(10), 1763. https://doi.org/10.3390/math8101763

Phillips, A. E., Walker, C. G., Ehrgott, M., & Ryan, D. M. (2017). Integer programming for minimal perturbation problems in 
university course timetabling. Annals of Operations Research, 252(2), 283–304. https://doi.org/10.1007/s10479-015-2094-z

Raghavjee, R., & Pillay, N. (2010). Using genetic algorithms to solve the South African school timetabling problem. In 2010 Second 
World Congress on Nature and Biologically Inspired Computing (NaBIC), 286–292. https://doi.org/10.1109/NABIC.2010.5716348

Rappos, E., Thiémard, E., Robert, S., & Hêche, J. F. (2022). A mixed-integer programming approach for solving university course 
timetabling problems. Journal of Scheduling, 25(4), 391–404. https://doi.org/10.1007/s10951-021-00715-5

Rezaeipanah, A., Matoori, S. S., & Ahmadi, G. (2021). A hybrid algorithm for the university course timetabling problem using 
the improved parallel genetic algorithm and local search. Applied Intelligence, 51(1), 467–492. https://doi.org/10.1007/s10489-
020-01833-x

Sánchez-Partida, D., Martínez-flores, J. L., Cabrera-Rios, M., & Olivares-Benitez, E. (2017). Case Study : A Comprehensive 
Integer Programming Model for Improving an Educational Timetable. International Journal of Combinatorial Optimization 
Problems and Informatics, 8(3), 71–82.

Saviniec, L., Santos, M. O., & Costa, A. M. (2017). Effective local search algorithms for high school timetabling problems. 
Applied Soft Computing, 60, 363–373. https://doi.org/10.1016/j.asoc.2017.06.047

Saviniec, L., Santos, M. O., & Costa, A. M. (2018). Parallel local search algorithms for high school timetabling problems. Applied 
Soft Computing, 265(1), 81–98. https://doi.org/10.1016/j.ejor.2017.07.029

Song, T., Liu, S., Tang, X., Peng, X., & Chen, M. (2018). An iterated local search algorithm for the University Course Timetabling 
Problem. Applied Soft Computing, 68, 597–608. https://doi.org/10.1016/j.asoc.2018.04.034

Son, T. A., & Ngan, N. T. (2021). An Integer Programming Model for Course Timetabling Problem at HUST. In: Tran DT., Jeon 
G., Nguyen T.D.L., Lu J., Xuan TD. (eds) Intelligent Systems and Networks. ICISN 2021. Lecture Notes in Networks and Systems, 
243. Springer, Singapore. https://doi.org/10.1007/978-981-16-2094-2_43

Sørensen, M., & Dahms, F. H. W. (2014). A Two-Stage Decomposition of High School Timetabling applied to cases in Denmark. 
Computers and Operations Research, 43(1), 36–49. https://doi.org/10.1016/j.cor.2013.08.025

Tassopoulos, I. X., Iliopoulou, C. A., & Beligiannis, G. N. (2020). Solving the Greek school timetabling problem by a mixed 
integer programming model. Journal of the Operational Research Society, 71(1), 117–132. https://doi.org/10.1080/01605682.20
18.1557022

Tripathy, A. (1984). School Timetabling—A Case in Large Binary Integer Linear Programming. Management Science, 30(12), 
1473–1489. https://doi.org/10.1287/mnsc.30.12.1473

Welsh, D. J., & Powell, M. B. (1967). An upper bound to the chromatic number of a graph and its application to timetabling 
problem. The Computer Journal, 10(1), 85–86. https://doi.org/10.1093/comjnl/10.1.85

Wouda, N. A., Aslan, A., & Vis, I. F. A. (2023). An adaptive large neighbourhood search metaheuristic for hourly learning 
activity planning in personalised learning. Computers and Operations Research, 151. https://doi.org/10.1016/j.cor.2022.106089

Yasari, P., Ranjbar, M., Jamili, N., & Shaelaie, M. H. (2019). A two-stage stochastic programming approach for a multi-objective 
course timetabling problem with courses cancelation risk. Computers and Industrial Engineering, 130, 650–660. https://doi.
org/10.1016/j.cie.2019.02.050

Yigit, T. (2007). Constraint-based school timetabling using hybrid genetic algorithms. Lecture Notes in Computer Science (In 
Congress of the Italian Association for Artificial Intelligence), 4733, 848–855. https://doi.org/10.1007/978-3-540-74782-6_77

https://doi.org/http:/dx.doi.org/10.2139/ssrn.3789765
https://doi.org/10.3390/math8101763
https://doi.org/10.1007/s10479-015-2094-z
https://doi.org/10.1109/NABIC.2010.5716348
https://doi.org/10.1007/s10951-021-00715-5
https://doi.org/10.1007/s10489-020-01833-x
https://doi.org/10.1007/s10489-020-01833-x
https://doi.org/10.1016/j.asoc.2017.06.047
https://doi.org/10.1016/j.ejor.2017.07.029
https://doi.org/10.1016/j.asoc.2018.04.034
https://doi.org/10.1007/978-981-16-2094-2_43
https://doi.org/10.1016/j.cor.2013.08.025
https://doi.org/10.1080/01605682.2018.1557022
https://doi.org/10.1080/01605682.2018.1557022
https://doi.org/10.1287/mnsc.30.12.1473
https://doi.org/10.1093/comjnl/10.1.85
https://doi.org/10.1016/j.cor.2022.106089
https://doi.org/10.1016/j.cie.2019.02.050
https://doi.org/10.1016/j.cie.2019.02.050
https://doi.org/10.1007/978-3-540-74782-6_77

